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Figure 7. Impact of body part coordinator on motion quality. Examples show paired results using identical random seeds, highlighting Figure A1. Ablation results on classifier guidance. We illustrate the E2T AvgR (upper) and FID (lower) performance of MotionReFit for
how coordinator prevents unnatural synchronous movements of same-side limbs (arm and leg moving forward together). the body part replacement task. The x-axis represents guidance strength, whereas the y-axis depicts guidance steps count.
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